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A consistent but nuanced picture emerges
Urban (mostly No Excuses) charters generate impressive achievement and
post-secondary gains for their (mostly low income minority) students,
including for special education and English language learners
Statewide, effects are mixed: on average, the non-urban charters we studied
reduce achievement
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Figure 2. School-Specific Treatment Effects

Notes: This figure plots school-specific math effects against school-specific ELA effects. The sample used to construct lottery estimates contains fewer schools than the observational sample. The figure plots both middle and high
school estimates.

to be positively correlated with both No Excuses status and charter effectiveSource: Angrist et al. (2013)tend
ness in our sample. Our measure of discipline and comportment, one of the stron-
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We studied UP Academy Boston, the first in-district middle school,
which replaced Gavin in South Boston
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Notes: Figure 4a plots average MCAS math and ELA scores of students in the Gavin Middle School matched sample. Figure 4b plots achievement
Source:
Abdulkadiroglu et al. (2016); Estimates for UP’s later cohorts are similar
growth relative to the baseline grade. Estimates in both figures control for matching cell fixed effects. Scores are standardized to have mean zero and
standard deviation one within each year and grade in BPS.
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College Enrollment Effects (2SLS Using Lotteries)

Source: Angrist et al. (2016); Estimates for Boston charter high schools
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MCAS Effects Predict: SAT Gains

Source: Angrist et al. (2016)
Note: Circles indicate risk sets in which students applied to one school, while squares indicate
risk sets in which students applied to two.
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MCAS Effects Predict: Four-Year College Enrollment

FIG. 3.—Comparisons of lottery estimates of effects on earlier and later outcomes. This figure plots

lottery estimates of the effects of charter school attendance. Panel A plots effects on SAT
Source: Angrist within-risk-set
et al. (2016)
Reasoning ðverbal and mathÞ against effects on MCAS composite scores. Panel B plots effects on the
probability of enrollment in a 4-year college within 6 months of projected graduation against effects on
MCAS composite scores. The sample in panel A includes students projected to graduate between 2007 and
2013, while the sample in panel B includes students projected to graduate between 2006 and 2012. Samples in
both panels are further restricted to students with available data for both outcomes. Circles indicate risk sets
in which students applied to one school, while squares indicate risk sets in which students applied to two.

Note: Circles indicate risk sets in which students applied to one school, while squares indicate
risk sets in which students applied to two.
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